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// Load the hiking data
try MLDataTable(contentsOf: hikingTrainCSV)

let trainingData

// Train the recommender

let model = try MLRecommender(trainingData: trainingData,
userColumn: "Hiker ID",
itemColumn: "Trail ID",

ratingColumn: "Rating")

// Evaluate the model
try MLDataTable(contentsOf: hikingTestCSV)

let metrics = model.evaluation(on: testingData)

let testingData

// Write out the Core ML model

try model.write(to: writeToPath)
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// Track the items we want to query in the model.
let hikes : [String : Double] = ["Granite Peak" : 5, "wWildflower Meadows" : 4]

// Query for a set number of recommendations
let 1nput = HikingRouteRecommenderInput(items: hikes, k: 5)

// Get results as sequence of recommended 1tems

let results = try model.prediction(input: input)
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